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Executive Summary
Built Before It Is Real  |  AI, abundance, and the widening gap between production and market proof

Generative AI has changed the practical threshold for starting a business. Tasks that once required 
several specialists, outside agencies, or long periods of self-teaching can now be attempted by one 
person using a relatively inexpensive set of tools. A founder can develop positioning, write a 
website, produce a pitch, create graphics, research competitors, build a prototype, draft a financial 
model, automate administrative work, and prepare weeks of marketing material from the same 
laptop. The important shift is not that every output is exceptional. It is that the cost of reaching a 
usable first version has fallen enough to change what one person or a very small team can attempt.

The productivity evidence is substantial. Noy and Zhang's controlled experiment found that 
ChatGPT reduced the time required for professional writing tasks by 40% while raising average 
output quality by 18% (Noy & Zhang, 2023). Cui and colleagues, working across three randomized 
field experiments involving 4,867 developers, found that access to AI coding assistance increased 
completed tasks by 26.08% (Cui et al., 2026). Brynjolfsson, Li, and Raymond studied 5,172 customer-
support agents and found that generative AI increased successfully resolved issues per hour by 
about 15% on average, with considerably larger gains among less experienced workers 
(Brynjolfsson, Li, & Raymond, 2025). In each setting, AI reduced the amount of time or expertise 
required to produce competent work.

Business adoption is also broad enough that these effects can no longer be treated as experimental 
curiosities. The Federal Reserve's 2026 Small Business Credit Survey found that 46% of surveyed U.S. 
small employer firms were already using AI and another 15% intended to use it within twelve 
months. Among firms already using AI, 83% reported using it for writing or marketing, 61% for 
individual productivity, and 51% for planning or analysis; 71% reported higher productivity, 39% 
improved quality, and 31% increased sales. Official data from the European Union, Canada, and the 
United Kingdom show the same broad direction even though the surveys use different definitions 
and populations.

Those figures describe a rapid expansion of production capability. They do not describe a 
comparable disappearance of the commercial problems that follow production. In the same Federal 
Reserve survey, 57% of small employer firms named reaching customers and growing sales as an 
operating challenge, making it the most common challenge reported. Forty-eight percent cited weak 
sales as a financial challenge. Among early-stage nonemployer firms that intended to hire, 66% 
reported difficulty reaching customers or growing sales. These statistics do not show that AI caused 
the difficulty; customer acquisition has always been hard. They do, however, show that better 
production tools can coexist with persistent weakness on the demand side of the business.

This distinction is the starting point for the report. A company requires at least two broad 
capabilities. The first is the capacity to produce: to create the product, the brand, the copy, the 
software, the research, the sales material, and the operating systems that allow a company to 
function. The second is the capacity to become established in a market: to find customers, 
understand how they make decisions, build trust, learn from objections, create distribution, convert 
interest into transactions, retain buyers, and develop a reputation. Generative AI is reducing the 
cost of the first capability very quickly. There is much less evidence that it has reduced the second at 
the same rate.
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The implication is not that production has become unimportant. It is that production may become 
less distinctive when similar capability becomes widely available. Doshi and Hauser's experiment 
on generative AI and creative writing illustrates the mechanism. Participants using AI produced 
stories that were rated as more novel at the individual level, yet the pool of AI-assisted stories 
became more similar overall (Doshi & Hauser, 2024). The study was not about startups, so it should 
not be extended beyond what it measured, but the pattern is relevant: individual quality can rise 
while the field becomes more homogeneous. In commercial settings, a similar dynamic would mean 
that better copy, cleaner design, stronger research summaries, and credible-looking products 
become easier for many competitors to produce at once.

That creates what this report calls the Entrepreneurial Scarcity Shift. When production capability 
is expensive, the ability to produce is itself a meaningful barrier to entry. When production becomes 
cheaper and more widely distributed, other scarce resources become relatively more important. 
These include repeated access to the right customers, proprietary market knowledge, reputation, 
trust, relationships, distribution, high-quality feedback, and the ability to distinguish genuine 
demand from weak signals of interest. A capability does not need to become harder in absolute 
terms to become more important; it can become relatively more valuable because another 
capability has become abundant.

The structural difficulty of moving from entry to scale reinforces this point. The U.S. Census 
recorded 578,926 seasonally adjusted business applications in July 2026, but an application for an 
Employer Identification Number is not the same thing as an operating or successful company. For 
that application cohort, the Census projected 29,959 employer startups with payroll tax liabilities 
would form within four quarters. OECD evidence on micro-startups shows an even steeper long-run 
filter: on average, only about 4% grow, and in a stylized cohort of 100 micro-startups observed after 
five years, only one to eight reach ten or more employees. Much of this evidence predates the 
current generative-AI wave, which is exactly why it should be treated as a baseline rather than as 
proof of an AI effect. The difficulty of scaling was already present; AI is changing how quickly and 
cheaply a founder can arrive at the point where that difficulty begins.

The report calls the separation between internal production and external commercial learning the 
Production–Market Divide. Production progress occurs when the company creates something: a 
site, feature, campaign, workflow, analysis, pitch, or automation. Market progress occurs when the 
company learns something reliable because a real customer, prospect, partner, channel, or 
competitor has responded. The two can reinforce each other, but they can also drift apart. A firm 
can publish more without understanding why prospects do not buy, automate outreach before 
learning which segment has urgency, or optimize a conversion funnel that is attracting the wrong 
audience. In each case, internal output improves while the commercial model remains uncertain.

Generative AI can widen this divide because it makes internal work unusually easy to continue. 
There is always another version of the homepage, another segment description, another content 
plan, another pricing model, another automated sequence, another analysis of the same problem. 
This creates an Optimization Trap in which the organization remains productive without forcing 
its assumptions into situations where they can be contradicted. The risk is not laziness; it is 
productive activity directed at questions that the market has not yet answered.

A company becomes especially vulnerable when its information loop closes in on itself. In a Closed-
Loop Founder model, founder assumptions are elaborated by AI, converted into output, measured 
through internal or platform metrics, and then interpreted by AI again. That process can look data-
driven while still resting on a weak original understanding of the market. A stronger model is open 
to external correction: customer behaviour produces observations, those observations change 
interpretation and decisions, the company builds or adjusts something, and the next transaction 
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attempt generates new evidence. AI can be extremely useful inside this loop, but its role is to 
accelerate analysis and testing rather than substitute for market contact.

The entrepreneurship literature gives strong support to this emphasis on learning. Randomized 
trials by Camuffo and colleagues show that founders trained to formulate and test assumptions 
more scientifically become more willing to terminate weak ideas and search more efficiently 
(Camuffo et al., 2020; 2024). Koning, Hasan, and Chatterji found substantial performance gains 
among startups adopting A/B testing, while Koning and Nanda showed how experimentation can 
still mislead when the test audience is badly matched to the intended customer. Song, Wang, and 
Parry found that formal collection and use of market information mattered more for venture 
performance than customer interaction in the abstract. The common lesson is that contact with the 
market becomes valuable when it is converted into disciplined learning and allowed to change 
decisions.

Relationships are part of this learning system because markets are social as well as informational. 
Stam, Arzlanian, and Elfring's meta-analysis found a positive association between entrepreneurial 
network social capital and small-firm performance. Palmatier and colleagues' meta-analysis found 
that relationship quality and relationship investment can materially influence performance, 
particularly in B2B, services, and channel contexts. Research on adaptive selling similarly shows 
that sales performance improves when sellers respond to the customer rather than rely on a fixed 
script. None of this implies that networking is a substitute for a good product. It shows that access, 
trust, referral, interpretation, and market knowledge often move through relationships that cannot 
be recreated simply by generating more content.

The authenticity literature adds another layer. Experiments on AI-authored marketing suggest that 
consumers can penalize AI involvement in contexts where communication is expected to carry a 
human emotional or personal signal, while the same penalties are weaker when information is 
factual, AI assists rather than replaces a human, or AI use is already expected. The useful conclusion 
is not that customers dislike AI. It is that automation should be designed according to what the 
interaction is meant to convey. A routine status update and an apology after a serious failure are not 
the same communication problem, even if both can technically be automated.

The report therefore does not argue for less AI. It argues for a different standard of AI use. The 
relevant question is whether a new tool increases the company's exposure to market reality or 
mainly increases the volume of internally generated work. AI can summarize interviews, compare 
sales calls, cluster support tickets, prepare account research, identify repeated objections, analyze 
churn, generate test variants, and remove administrative tasks that keep experienced people away 
from customers. Used this way, it shortens the path between market evidence and organizational 
response.

The final sections of the report develop a practical model for doing this deliberately. The Market-
Embedded AI Company is evaluated across six dimensions: production velocity, customer-contact 
velocity, experiment velocity, learning conversion, relationship density and distribution access, and 
revenue evidence. Together, these dimensions shift attention away from how much the organization 
can produce and toward how quickly it turns production into reliable market learning. The central 
claim of the report is therefore narrower, and more useful, than the common argument that AI has 
made entrepreneurship easier. AI has made it much easier to assemble the supply side of a business. 
The competitive question now is whether founders use that leverage to become more deeply 
connected to demand, or simply to create a more polished version of an untested idea.
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